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1525 ( 16939 )s
0156 The discovery that magnetism can produce electric current is ex tremely important in the
field of electricity .
0157 Such a practice must be put an end to.
0158 It happened during the Long M arch.
0159 The Yellow River is the second largest river in China.
0160 The meeting will be held over until next week.
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CorrectArticle O=From-Article Current-Ariticle O= ToA rticle
Num-bad transformation( (FromA rticle, ToArticle))++;
b T’

max 1 (Num-good- transformation (T )— Num-bad transformation(T))

» E2=E1, E1
, (FromArticle, ToArticle ),
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It is a wonderful tea.
The largest island in Chinais Taiwan.

Miss Wang is in the next room.
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13 NPROP: 14 NTITL: 15. R:

16 P: 17. UDO: DO 18. UBE: BE
19 UHAVE: HAVE 20. UM OD:.
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Research on Article Selection

in Chinese-English Machine Translation

Chang Baobao Liu Ying Liu Qun
Institute of Computational Linguistics, Institute of Computational Technology,
Peking University Chinese A cademy of Sciences

Abstract Because Chinese language has no corresponding category with English articles and
the usage rules of articles oriented to human are difficult to operationalize for machine translation,
there are many cases in using articles incorrectly in Chinese-English machine translation system,
which degrade the quality of the output translation severely. In this paper, we proposal a strategy
for article selection which based the Transformation-Based Error-Driven Learning Algorithm, an
initial experimental result shows the strategy can improve the accuracy in using articles.

Keywords M achine Translation Article Selection  Transformation-Based Error-Driven

Learning

Discuss the dictionary in the system of

Japanese— Chinese Machine Translation
Yong Dianshu Hu Haiwen Chen Jigjun Wang Qixiang
Department of Com puter scinces, Nanjing University

State Key Laboratory for Novel Softw are Technology
(Jiangsu Nanjing 210008)

Abstract In this paper, we discussed several problems such as: homonym, potysemant. com -
patible type word, how to process idioms. We make a lot of researches in solving these problems
which great effect the quality of generation languages in the system of Japanese— Chinese M achine
Translation.

Keywords M achine Translation Dictionary Homonym Polysemant Idiom
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