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Abstract: Machine translation is a task which translates a source language into a target language of the equivalent
meaning via a computer, which has become an important research direction in the field of natural language process-
ing. Neural machine translation models. as the main stream in the reasearch community, can perform end-to-end
translation from source language to target language. In this paper, we select several main research directions of neu-
ral machine translation, including model training. simultaneous translation, multi-modal translation, non-autore-
gressive translation, document-level translation, domain adaptation, multilingual translation, and briefly introduce

the research progresses in these directions.
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