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Abstract: Morphologically rich language, characterized by complex morphological changes, has huge vocabulary and
serious data sparseness issue, which has brought a great challenge to machine translation. In this paper, we first an-
alyze such language and use different granularities to represent and then translate them respectively. As different
granularities can catch features of such language in different levels, we integrate the translation hypotheses from dif-
ferent granularities by the system combination approach to generate better results. Experimental results on Uyghur-
Chinese and Mongolian-Chinese translation tasks show that system combination with multiple granularities improved

the performance of translation, and gained +1. 41% and +2. 03% éompared to the best single system measured by BLEU.
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Word 0.4371 0.4133 +1.09%
Stem 0.4418 0.416 2 +1.38%
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