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Word Segmentation by Markov Gap—Tagging
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Abstract: Classical discriminative approaches treat word segmentation as a character-tagging problem. This paper presents
an alternative, formal tagging strategy named markov gap-tagging for Chinese word segmentation. An Nth order markov
gap-tagging tags A+/ successive gap between characters at each step, and processes all these gap V+Z-grams in a markov
fashion. Experimental results show that, along with the markov order growing from O to 2, the accuracy of the
gap-tagging-based segmentor increases continuously, although using similar features.
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5: for f € C do 5: a® — argmax,c sy c(e) Sli — 1. a] - score
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