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Abstract: Generally, the unknown words are always segmented to be single characters separated by some
mark when the segmenter analyses them unsuccessfully. These consecutive single characters here is called
“character fragment”. The basic thinking of the fragment filter method in this paper is to detect the valid
unknown words which are segmented falsely in the basic segmentation in the fragments. This method is
combined to the origin segmenter(ICTCLAS) as a posting process. Finally, segmentation F-measure can be
improved by 1% and OOV recall 4% in PK test data of the 1st SIGHAN bakeoff. We can see that the sparse
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data problem of statistical model can be weakened by this mechanism.

Keywords: Chinese Word Segmentation; Fragment; Filter; Unknown Word
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WFP(Word Formation Power).

34.1 P(c,position)

BRITABER, MTENBEECEFEHRE—TEEENMEENE, tLln, “¥F4
FHAE—TERFE, TE"E2FERE—MIENRKE. BRINTFBTHIESE XY
P(c,position) . IRIENFHILE, BAIHH K5 S,B,LE,4 3 (Chooi-Ling GOH et al.,2004 ),
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N (c, position)
N(c)

HP, N(cposition) I FE ¢ EFREMAREME BRI IRE. HP Pc,S)fl 25 A
BE., BRIMTEAENSGERSE LINEZ, BEPIE XFER P(cposition)Z, SREH T 2.

P(c, position) =

R1WFDR
Position Description
S L7 (Single)
B % F R B FF 45 (Begin)
1 % iR ) P {Bl(Intermediate)
E £ F 17K R (End)

3.42 ﬁﬁ%l%ﬂ

iX B RAFEZER|H Word Formation Power({f81%f% WFP)( Chooi-Ling GOH et al.,2004)3
%IMT-’N?H—#E$E§?1§J EX—ANAEEH) WFPIN'F . |
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n ) |

WEP(w) = P(6, B)] | P(c 3P E)

N F—1BA f=c c,...c,,WFPHIRiMHAL T EAEFA —FANEHARHIE,

(1) WFP(f)< min{ WFP(x),length(x) =length(f)};
(2) WFP(f)< lil[P(c,,S)

(3) XF length(f)=4,WFP(f) < P(c,,S)P(c,,S)P(c,, B)P(c,,E)

8& WFP(f) < P(c,,B)P(c,,E)P(c,,S)P(c,,S)

(4) HpEAc, P,S)=1;
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FH B 5E R R P

EiL WFP BATHAT LB &7 “BFRE/R”, “SE8%E"F8 RN EHIE.
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K 2 XF P(c,position) & B

NF ¢ P(c,S) P(c,B) P(c,]) P(c,E)
S 0.298493 0.539543 0.062117 0.0998465
0.0500065  0.348293 0.0349129  0.566788
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5 SIGHAN Bakeoff —#¢, R{IHBMH
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2 (Recall), #EHIZEE (Precision), F-measure,
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VAR R 55 A B ZE(OO0V Recall), FRiFAF
M#F K (Richard and Thomas , 2003). F {843

SR RE 3, 4.

BN IgER. BA
data: PK (dbK) BiRME, LUR—ME 2 H iR 4 R B3t

2

£ (IV Reacll)iX JLAJ7 RO - iR HE BE
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#3PK #AELER
PK (56K) Recall Precision  F-measure OOV Recall IV Recall  Time Cost
ICTCLAS 0.955 0.932 0.943 0.785 0.972 1.78s
ICTCLAS+Filter 0.956 0.95 0.953 0.82iﬁ 0.969 1.87s
R4 BEARMAEGR
¥ EPUR(289K) Recall  Precision  F-measure OOV Recall IV Recall  Time Cost
ICTCLAS 0.831 0.692 0.759 0.421 0.964 9.08s
ICTCLAS+Filter 0.847 0.762 0.802 0.531 0.968 10.66s
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K5 R6H/WTHARLE PK MNEH LR B VSES LRIFNAR SR

F 5 PK FrialiRAlaR
PK(56K) OOV Recall OOV Precision OOV F-measure

ICTCLAS 0.785 0.935 0.853

ICTCLAS+Filter 0.825 0.915 0.867

6 FFEMBFEIRHMER
55 € TR (289K) OOV Recall OOV Precision = OOV F-measure

ICTCLAS 0.421 - 0.90 0.574
ICTCLAS+Filter 0.531 0.844 0.652
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