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Abstract New word detection is a part of unknown word detection. The development of natural languages
requires us to detect new words as soon as possible. In this paper, a new approach to detect new words
based on large-scale corpus is presented. It first segments the corpus from the Internet with ICTCLAS, and
searches for repeated strings, and then designs different filtering mechanisms to- separate the true new
words from the garbage strings, using rich features of various new word patterns. While getting rid of the
garbage strings, three garbage lexicons and a suffix lexicon are used, which are learned by the system, and
good results are achieved. Finally, the results of the experiments are discussed, which seem to be

promising.
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Fig. 1 Procedure diagram of new words detection.
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Table 1 Comparison of Four Lexicons
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Parameter ~Garbage + Garbage Head + Garbage Tail + Suffix

New Word 88 72 60 56
Correct 50 48 47 45
Wrong 5 7 8 10
Recall (%) 90.9 87.3 85.4 81.8
Precision (%)  56.8 66.7 78.3 80.4

Note: The results are based on the POS Filtering.
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Table 2 Comparison with the Baseline

2 BAEXBINAREMIML

Parameter Baseline Our System
Document Frequency 1 1
Total Frequency 2 2
Garbage Filtering no yes
New Word 602 1202
Correct 192 162
Wrong 0 30
Recall (%) 100 84.31
Precision (%) 31.9 80.24
F-Measure (%) 48.4 82.22
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Research Background

Segmentation is a basic task in Chinese information processing. The detection of new words is a difficult problem to solve in
segmentation. This paper gives an effective solution to this problem. In comparison with the previous study, the paper presents a new
approach to detecting words based on large-scale corpus. It first collects plenty of Web pages from the Internet, transforms them into
plain text, segments them with ICTCLAS, calculates the frequency of the strings, and designs different filtering mechanisms to
separate true new words from garbage strings. While filtering, it discovers rich features of various new word patterns, and produces
three garbage lexicons and a suffix lexicon automatically through the corpus, and achieves good results in detection. In future
research, we will consider more kinds of new word patterns, and try to detect new words with low frequency. To add a time
parameter may be a complementary approach to detecting new words. We will also find relations between new words and known
words, to make full understanding of the new words. Our research work is supported by the National High-Tech Research and
Development Plan of China under Grant No. 2004AA114010, No. 2003AA111010, and Fujitsu Research & Development Center.



